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01 Executive Summary

The problem. The spreadsheet is the most successful tool in the agency, and that is
exactly why it becomes the bottleneck. It is free, familiar, and good enough at 1,000
records — so it quietly becomes the system of record for the whole prospect operation.
Then volume grows, and the same file that made the first thousand records easy makes
the next ninety thousand nearly impossible. The trap is not that spreadsheets are bad;
it is that they do not scale, and the failure is invisible until you are already past the point
where it hurts.

Why it matters. For an agency, the prospect dataset is the product. When the container stops
scaling, everything it touches stops scaling too: research gets slower, duplicates multiply, versions
diverge, QA balloons, and nobody can answer "how much of this is still true?" Bad and unmanaged
data is not a cosmetic issue — Gartner estimates poor data quality costs the average organization
$12.9 million a year [1], and IBM has put the cost of bad data to US business at roughly $3.1 trillion
a year [2]. The spreadsheet is where most of that cost is incubated.

Who is affected. Founders, MDs, and operations leaders — because the symptoms show up as
throughput and margin problems long before anyone names the data container as the cause.

Key findings.

1.  Spreadsheets fail by growth, not by error — the same file degrades predictably

as record count rises.

2.  The breaking points are structural: no stable identifier, no shared state, no

enforced schema, no refresh mechanism.

3.  Every manual workaround (more files, more researchers, more QA) adds coordination

cost without fixing the underlying container.

4.  The fix is not a better spreadsheet; it is a different category — structured,

deduplicated, refreshable data infrastructure.

Recommended approach. Treat prospect data as a system of record with a stable identifier, one
enforced schema, and a refresh process — not as a file that grows until it breaks.
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02 The 1,000-Record Operation

At a thousand records, the spreadsheet is genuinely the right tool. One researcher, one
file, one version. You can scroll the whole dataset, eyeball duplicates, and fix a
formatting problem by hand in minutes. There is no case for infrastructure here, and
pretending otherwise is over-engineering.

This is the trap's bait. Because the spreadsheet works so well at this scale, it earns the job of system
of record by default — never chosen, never evaluated, just the thing everyone already opens. No one
decides "we will run the agency's prospect data in a flat file." It simply happens, and the decision is
never revisited until the file is already failing.

What is worth noticing even here: the thousand records are decaying from day one. B2B contact
data decays at roughly 2.1% per month — about 22–30% a year at baseline [3]. At a thousand
records that is a slow leak you can patch by hand. The same leak at a hundred thousand records is a
flood no team can bail.

03 The 10,000-Record Operation

At ten thousand records, the cracks start, and they are coordination cracks, not
capacity cracks.

–  Multiple files appear. One file becomes "Q1 list", "Q1 list FINAL", "Q1 list

FINAL v2", and a client-specific copy. There is no longer a single source of truth; there are several,
and they disagree.

–  Duplicates become invisible. You can no longer scroll the dataset and spot

the same person twice. Without a stable identifier, the same prospect — collected by two
researchers, or re-collected next month — lands as two rows.

–  Formatting drifts. "Acme Inc." / "Acme, Inc" / "ACME" and "VP Marketing" /

"Vice President Marketing" / "VP, Marketing" now coexist, and they break any attempt to filter,
segment, or dedupe.

–  Search gets slow. Finding "all VPs of Marketing in SaaS added since March"

across several files is a manual, error-prone job.

Ten thousand records is where the operation first feels friction — but it is usually explained away as
"we need to be more disciplined" rather than recognized as the container reaching its limit.
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04 The 50,000-Record Operation

At fifty thousand records, the work is split across multiple researchers, and the
spreadsheet now actively fights the team.

–  Concurrent editing breaks down. Two people in one file overwrite each other;

separate files guarantee divergence. There is no shared, authoritative state.

–  Version control is manual and failing. Which file is current? Who has the

latest? The answer lives in someone's memory and in filenames, and it is frequently wrong.

–  QA cannot keep up. At this volume, a second human pass over every record is a

function of its own — and the fastest-decaying fields, like job title [3], mean QA is re-checking
records that were correct when collected and have since gone stale.

–  Ownership is unclear. When the dataset is scattered across files and drives,

nobody owns it. Data governance is impossible because there is no single thing to govern.

This is where agencies start throwing headcount at the problem — another researcher, another QA
reviewer. It buys a little capacity and adds a lot of coordination, because every new person is
another editor of an unshareable file.

05 The 100,000+-Record Operation

Past a hundred thousand records, the spreadsheet is no longer a tool with problems; it
is the problem. Infrastructure is not an upgrade at this scale — it is the only thing that
works.

–  The file is unusable as a system of record. It is slow to open, impossible to

search cleanly, and too large to reason about as a whole.

–  Decay is now a dominant cost. At ~2.1%/month [3], a 100,000-record dataset is

shedding on the order of 2,000 newly-wrong records every month — and because job title is the
fastest-decaying field [3], the decay hits the exact attributes you target on.

–  Duplicates are structural. Without a stable identifier, re-collecting any

segment multiplies rows. The dataset grows in size while shrinking in trustworthy content.
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–  Refresh is impossible by hand. You cannot manually re-verify a hundred

thousand records on any useful cadence. The dataset can only get older.

At this point the agency is maintaining a large file that is simultaneously too big to manage and too
stale to trust — the worst of both worlds, and the direct ancestor of the multi-million-dollar
data-quality costs the research cites [1][2].

06 Spreadsheet Failure Points

The failures above are not bad luck or poor discipline. They are structural properties of
a flat file used as a system of record. A spreadsheet has:

Failure point What's missing What it causes at scale

No stable identifier No key tying a row to a real person Duplicates; re-collection can't update

No shared state No single authoritative copy
Version chaos, overwrites, divergent
files

No enforced schema No rules on how a value is written
Formatting drift, broken filters &
dedupe

No refresh mechanism No way to re-verify against the source Silent decay, no freshness signal

No real search Filtering over flat text across files
Slow, manual, error-prone
segmentation

No ownership model No governed system of record Nobody accountable for data quality

Read the table top to bottom and the conclusion is unavoidable: no amount of discipline fixes a
missing identifier or a missing refresh mechanism. These are not behaviors; they are capabilities the
container simply does not have.

07 The Research + QA Scaling Problem

The reason spreadsheets feel survivable for so long is that agencies paper over the
structural gaps with people. That strategy has a hard ceiling.

Headcount does not scale linearly with volume. Each new researcher is another concurrent editor of
a file that cannot be safely shared, another source of formatting variants, and another producer of
duplicates that a later QA pass has to catch. So adding a researcher adds raw collection capacity
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and adds coordination cost, version risk, and QA load at the same time.

QA compounds it. A second human pass over every record is already a large cost; at 50K and 100K
records it becomes a team. And because the dataset keeps decaying while it sits — ~2.1% per
month, concentrated in the fields you target on [3] — QA is partly re-checking records that were
collected correctly and have since gone stale. You are paying people to discover decay late, one
record at a time.

The net effect: past a certain volume, every person you add recovers less capacity than the last,
because a growing share of their time goes to coordinating the file rather than growing the dataset.
Manual scaling is sub-linear by construction.

08 The Operational Cost

The spreadsheet trap does not show up as a data bill. It shows up everywhere else:

Operational cost = duplicate work + version reconciliation + formatting rework + QA +
decay + missed throughput

–  Duplicate work — the same prospect collected twice because nothing keyed the

first collection.

–  Version reconciliation — time spent figuring out which file is current and

merging the ones that diverged.

–  Formatting rework — standardizing variants that an enforced schema would have

prevented.

–  QA — a second human pass that grows with volume and never ends.

–  Decay — the ~22–30% of records per year [3] that quietly go wrong and get

discovered downstream, expensively.

–  Missed throughput — the campaigns and clients you could not take on because

research capacity was consumed maintaining the file.

This is the mechanism behind the macro numbers: poor data quality costing the average
organization $12.9M a year [1], and bad data costing US business ~$3.1T a year [2]. Those figures
are the aggregate of a million spreadsheets quietly doing exactly what the pages above describe.
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09 Structured Data Infrastructure

Escaping the trap is not about finding a bigger spreadsheet or being more disciplined. It
is a category change — moving prospect data into a structured system that has the
capabilities a flat file lacks.

SOURCE

COLLECT

NORMALIZE

DEDUPE

STORE (system of record)

EXPORT

REFRESH

The non-negotiable properties:

–  A stable identifier on every record — so a person is one row, re-collection

updates instead of duplicating, and dedupe is deterministic.

–  One enforced schema — so "VP Marketing" and "Vice President Marketing" resolve

to one value, and filters, segments, and dedupe actually work.

–  A searchable system of record — one authoritative store, not a drawer of files,

so there is something to own and govern.

–  A refresh mechanism — a way to re-verify records against the source on a

cadence, so the dataset has a freshness signal instead of silent decay.
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–  Clean export — CRM-ready output without a manual copy-paste bridge.

With these in place, scale stops being an enemy. Ten thousand or a hundred thousand records are
the same operation, because the system — not a person's memory of which file is current —
maintains identity, consistency, and freshness.

10 The Cost of Scaling on Spreadsheets

The problem is not storage — it is that coordination overhead rises faster than the
record count. Model it as cost per 1,000 usable records (deduplicated, consistent,
current).

Cost per 1,000 usable records
= (Collection + Cleaning + Dedup + Version management + QA) / (Usable records / 1,000)
As the dataset grows, the middle three terms grow super-linearly:
more files, more contributors, more reconciliation.

Term What drives it Behaviour as you scale

Collection Records gathered Roughly linear

Cleaning / dedup Duplicate and format variance Rises faster than record count

Version management Multiple files and editors Rises faster than record count

QA Re-checking human work Rises with headcount

11 Worked Example: 1K to 100K Records

Illustrative — relative multipliers for demonstration, not measured costs.

Dataset size What it needs Cost per 1,000 records Why

1,000 One person, one sheet baseline (1.0x) No coordination

10,000 Coordination, dedup ~1.5x
Version and duplicate
management
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Dataset size What it needs Cost per 1,000 records Why

50,000 Multiple researchers ~2.5x
Reconciliation across
people and files

100,000+
Structured
infrastructure

back toward ~1.0x
Schema and dedup
enforced by the system

The curve is the whole argument: a spreadsheet gets more expensive per record as it
grows; a structured store gets cheaper per record.

12 A 30 / 60 / 90-Day Migration

Window Focus Key actions Outcome

Days 0–30 Consolidate
Move records into one
store with one schema

A single source of truth

Days 31–60 De-risk
Deduplicate on the
profile URL; set clean
CSV/CRM exports

No more version chaos
or duplicate sprawl

Days 61–90 Operate
Point collection at the
store; retire the working
spreadsheets

A system that scales
with volume

13 Where Scrapoint Fits

Scrapoint is the collection + normalization + storage + refresh layer of that structured
system — factually:

–  Collects public LinkedIn and Sales Navigator data (profiles, company pages,

and lead/account searches) into one normalized schema. Sales Navigator searches paginate
automatically — commonly up to ~2,500 results per search URL, so larger segments are sharded
across multiple searches.

–  Deduplicates on the LinkedIn profile URL — the stable identifier the

spreadsheet never had — so a person is one record and re-collection updates in place.

–  Stores records in a searchable Data Vault — a single system of record, not a
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drawer of files — and exports to CSV / JSON / Excel (and via API), CRM-ready.

–  Runs in the customer's **own environment, under their own LinkedIn session and

IP**; pricing is credit-based, 1 credit per delivered record, with a free tier of 1,000 credits.

–  Re-collects for refresh, keyed on the stable profile URL, so the dataset stays

in sync with what LinkedIn currently shows instead of decaying silently [3].

What it does not do: find personal email addresses or phone numbers (a different tool category), or
invent data a person never published. It gives the prospect dataset the structural properties a
spreadsheet cannot — identity, consistency, searchability, and refresh — so the operation scales
past the point where the file used to break.

14 Next Step

If your prospect data lives in a growing stack of spreadsheets, the friction your team
feels is not a discipline problem — it is the container reaching its limit. The fix is not a
better file; it is a structured system of record with a stable identifier and a refresh
process.

See how Scrapoint can collect, normalize, deduplicate, and refresh your LinkedIn and Sales
Navigator data in one searchable store — so 100,000 records run as cleanly as 1,000.

Book a demo · scrapoint.com/product · Start free with 1,000 credits
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